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R for Data Science Cookbook

https://www.packtpub.com/big-data-and-business-
intelligence/r-data-science-cookbook

« Machine Learning With R Cookbook

https://www.packtpub.com/big-data-and-business-
intelligence/machine-learning-r-cookbook

e
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https://www.facebook.com/largitdata
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https://www.packtpub.com/big-data-and-business-intelligence/machine-learning-r-cookbook

Machine Learning With R Cookbook (#1285 >]

5RIEZ3:1,) & R for Data Science Cookbook
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R for Data Science

Machine Learning with R
Cookbook

Cookbook

Author: Yu-Wei (David) Chiu
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US spending on science

230 billion

£25 billion

520 billion

%15 billion

/':\'"___ Eé;[_\flj_ T@g

1959

1999

< ‘purin Uz unthhnu

US spending on science, space, and technology
correlates with

Suicides by hanging, strangulation and suffocation

2000 2001 2002 2003 2004 2005 2006 2007 2008

2000 2001 2002 2003 2004 2005 2006 2007 2008

<9 Hanging suicides =« US spending on science

2009

2009

10000 suicides

B0OD0 suicides

G000 suicides

4000 suicides
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« Zi1t (Statistic)
BUENT - LRVEDTT - TR
« HFRAAIR (Data Munging)
HEE R ~ AIEEYE - BiEdE
.« ¥IEOIM{E(Data Visualization)
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id title content time view_ont
56 Uni-gilsAAZEEE040 ] HEiRINSHE... R—7-ELEVENIRERR FUni... 2016-06-17 16:11:00 0

57 REIXASNE EFewie. ENEMARKARKRTEM.. 2016-06-17 16:10:00 0
58 RAEGPIREE :BAXFIRNE PURRSFERATIASE... 2016-06-17 16:09:00 0
59 (MEHS) MIRTRBEAR7 ... BEMSTUMENEAS... 2016-06-17 16:08:00 0
60 (BR) $FHZAARE AFH. @(H - eEHBER (... 2016-06-17 16:08:00 36312
61 EHIEBEMFEIA [PREXE. FABYTSETEERMR.. 2016-06-17 16:08:00 0
62 (BR] tmfFeSiEeR wiR.. EnnshinMaitd... 2016-06-17 16:07:00 5067

select title, content from newsmain;
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<users>
<user>
<name>Q00</name>
<gender>M</gender>
<age>12</age>
</user>
<user>
<name>Mary</name>
<gender>F</gender>
</user>
</users>

user:{
name:QO0O0,
gender:M,
age:12,

b

user:{
name:Mary,
gender:F

}
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6 1648 RATHIERGL MIUEIRIASH4S nx
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NoSQL (Not Only SQL)

SR T2 2 BB E T = (MySQL 5
PostgreSQL) HI3ER 2 IR &

Sk
o] USSR TRl T AES
AMEAREKMREE (Schema Less)
RE Az (Cost Effective)
& (Open Source)




NoSQL N 53R Z=HHEENHIF1T

€ Linear Scalability

* Schema flexibility » NoSQL
\* High Performance

* Multi-document transactions

* Complex security needs ‘ RDBMS
* Complex joins

;{ Extreme compression needs

AN

-

+ Both / depends on the data ‘ RDBMS o NoSQL
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A computer program is said to learn from experience E with
respect to some task T and some performance measure P,
If its performance on T, as measured by P, improves with
experience E -- Tom Mitchell (1998)
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32 #7 (Regression)

725/8)#R (Classification)

|3

B4£E (Dimension Reduction)
2 R#01# (Clustering)



MR SR

scikit-learn
algorithm cheat-sheet

classification gy

: W™ dimensionality
structu reduction
S

<
‘ﬂ,, http://scikit-learn.org/stable/_static/ml_map.png )
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ME8=S) v.s. Fit
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Hans Rosling's 200 Countries, 200 Years, 4 Minutes

https://www.youtube.com/watch?v=bkSRLY S0]|0

\

JAPAN

BRAZIL

\r

[ X% PAmsrAN
INDIA @ 'BANGLARESH §

INDONESIA
.
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https://www.youtube.com/watch?v=jbkSRLYSojo
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RZEMRIE S 774843 R, Python
(39%), B SQL (37%). SAS A%
# 20%_L F.

By Gregory Piatetsky, Aug 27,
2013.

What programming/statistics languages you used for an analytics /
data mining / data science work in 20137 [713 voles total]

I o users in 2013 I % users in 2012 [ % users in 2011

R (434 voters in 2013) =

Python (277) e 35 6%

SQL (261) I 36 6%

SAS (148) I 20 8%

Java (118) I 16 5%

MATLAB (89) . 12 5%
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iC, Fortran A=y

2 o A ETBERY IR AR,
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. 9%, 2 8
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L ]
actor 1 [41%)] Factor 3 [19%]
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B30

“Ross lhaka 5 Robert Gentleman 8 7 #
XSt o A
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- £ ZE B R http://cran.r-project.org/src/base/
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Python 15

MBS (Dynamic Language)
o THITHEA(Runtime)NTIEFRE (FRE%RIX)

* Dynamic Type: RN ST =8 AEEEFRE

BHZFI1ES (Interpreted Language)

BRWTEOIHUEREBRIER
ESm1ES (OOP)

EIE7 X

-2

@ python

& (Python VM)



Guido van Rossum — Python ZX

G_ Guido van Rossum

Do not send me email ke this

Hi Gudo,

| came across your resume in a Google web search You seem to have an
FWesome expertise on Python | would be glad if you can reply my email and ket

-~ A s DAace - Y WY * < ' o
Guldo van Bossum me know your interest and availability

'; L LR Our client immedsately needs a PYTHON Developers at its location in *, NJ Below Monty Python
are the job details If mterested and available, landly fwd me yowr updated resume >
(https://goo.gl/dTjCxR)

59 638 (UM 554 .13
59,938 [DAXM | 4444554 TI0% along with the expected rate and the availability

(]

Guido Van Rossum e e

(https://goo.gl/2kul7Y)

I'm not nterested and not available




Python EFi A1

)

(http://goo.gl/2j45Nk)

caa (-)gg
L (G
"F”NTERNETof o

“oTHINGS £

AR BAF

(https://goo.gl/2304w7)

(https://g00.g1/2304w7)




Python &5

JAVA

class test{
public static void main(String args[]){
System.out.printin("Hello World");




R v.s. Python

Super Powers in
Common

Analysis Tool Similar Superhero

R Batman + Detective Work

+ Intelligence

¢ Cunning

+ Usage of Tools
+ More Brain than
Muscles

Python Superman

+ Muscle Power

+« Super Strength
+ Elegance

+ Wide Range

+ More Muscles

than Brain
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Sig Lata - Fipelne, fechnogies & Roles
Ref:http:goo.giMm83k

'h!fer-a['iﬁty
Model
Context

Connectedness -

D3.js, Dashboards, web apps

MR
Variety >

Variability

R, Hive, Pig, python, Java, Mahout

I( Hadoop )\
ETL, Storm,

Scribe, Flume, ... ' ‘
i y Machine Learning " Analytics
° ¢ p

\’elb«:ity

Volume

Technologies

- .
Roles Data Architecture / Management

B Pata Scientist i



https://www.youtube.com/watch?v=FQr2nVvkLzc

L IRRVEER

"I E= - BEERBPA - X LIEEABFE
Python ZR{ IRV 2E#

WFATE=E  RBHDTHIA
R Z RN RV IS 3%

ERWEEE  HEEZAEEEFNA
SQL 5 oJfl{E L E(e.g. Tableau) 2iF#E#




Cousera

https://zh-tw.coursera.orqg/

coursera = B8 Q afEBH BE

ss 0y & B

WIRmRTE

Launch:Your Career in
Data.Science

RREMRE A nine-course introduction to'data sciefice, developed and taught by leading professors,

Data Science
TR

WInEENE

Ask the right questions, manipulate data sets,
Fnancl A s st o urers and create visualizations to communicate
~ results.

This Specialization covers the concepts and tools you'll need throughout the entire data science pipeline,

from askine the rieht kind< of nuestinng tn making inferenres and nuhlishine re<ults in the final Can<tane



https://zh-tw.coursera.org/

Kaggle

https://www.kaggle.com/

Active Al

Entered All Categories
Data Science Bowl 2017

Featured

The Nature Conservancy Fisheries Monitoring

Foatured

Dstl Satellite Imagery Feature Detection

Featured

Two Sigma Financial Modeling Challenge

Featured - 2 t ) LY

Qutbrain Click Prediction

Foatured od

Santa's Uncertain Bags

Prize

$150,000

$100,000

$100,000

$25,000


https://www.kaggle.com/

http://largitdata.com/
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2V E A M - ZRHPython | InfoMiner | MR HERM ARG X ANPE  BPINRITIE nl[
#Hadoop, Spark - 1 I & 5352 4F ML1E - EMBE R/ MG HT MHERTMRSER  RUHEHE SSSS
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http://largitdata.com/

L 210 B B IR A ME — AR

« FIEMNFHNENZILRARUEREARIKE - A2 R |

C HERIZETE + 55 + SUSAIRAEE -

o BMRRVMAR D ~ SRR - EREFEEN | BETTEE
I, - ROJBES ML L —2 |

o RBHERVEBRE - BNz 0NRBHE -

BNIZREINZOURE - MAZ

« FIERFHERZEM, (RABZEEE, —TMREW (BK ) K
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THANK YOU

EMAIL: david@largitdata.com
15 www.largitdta.com
B814: 0929094381



